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PURPOSE RESULTS AND DISCUSSION
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training strategies.
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Fig. 1 Prediction of relative errors in mean dose for targets and OARs
** Head and neck(16 models evaluated)
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(b) (b) Comparison of Ground Truth and Predicted DVHs
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Fig. 2 Comparison between ground truth RPA data and Fig. 3 Comparison between ground truth RPA data and predicted Fig. 4 Comparison between ground truth RPA data and
predicted dose for a cervix test patient. dose for a prostate test patient. predicted dose for a head and neck test patient.

CONCLUSIONS

RADIANT, a fully configurable, open-source platform for radiotherapy dose prediction enables reproducible experimentation across diverse
architectures, loss functions, and optimization strategies.
It is flexible, uses fewer parameters compared to most architectures, while achieving accurate performance on cervical, prostate and head
Josi . and neck datasets, including top-tier DVH accuracy on the OpenKBP benchmark dataset.
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