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ABSTRACT: Limited expert contours remain a major barrier o Background 4

!

reliable auto-contouring in pancreatic MR-guided radiotherapy OggHEst‘ED’ ¢ d clinicall table OAR ¢ b tod f

T R N e e N e e e e I Rt - Pancreatic radiotherapy (RT) is challenging: critical organs-at-risk (OARs) lie close to ) an ast, accurale, and clnically acceplanic contours be generatea 1rom
N\

, , minimal user input while preserving clinician control and dose-relevant accuracy?
framework that converts a few rough drawn 2D confours into the target, and small contouring errors can affect dose delivery.

V115l Vigg [CRO L\ Selelgi(el e leiel M Vil EM Vit lele[CRellleNIAN - MR-Linacs enable daily adaptive RT, but their benefit depends on fast and accurate - We propose mSPOCK, a human-guided conditional segmentation framework that transforms
MSPOCK required only 2-5 sparse slices per OAR, was robust to contouring. rough, sparse user-drawn slices into precise full-volume OAR masks, turning auto-contouring into
sparse contour quality, achieved high geometric accuracy, and a clinically practical contour completion task.

outperformed other baselines. With targeted editing near the

high-dose region, clinically acceptable contours were achieved
N ~14 min with near-zero dose d]gcrepgncy, supporﬂng q « Robust abdominal MR-Linac auto-contouring remains limited because hlgh-quallty full

oo fex1olo I 10 ate e Uite [=e I NI e il A e e e a - e lale M liil s volume expert contours are scarce, and MR contrasts vary across protocols and centres. - mSPOCK was assessed geometrically, dosimetrically, and through clinician editing time to
adaptive MRgRT demonstrate both accuracy and workflow efficiency.

Methods

\
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- Full-volume OAR contouring is labour-intensive offline, while online correction is even
more time-critical as the patient remains on the couch. - We used structure-guided deformation augmentation [1] to simulate sparse contours and condi-

tional nnU-Net [2-4] training to enable learning in limited-data settings.
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Fig. 1. Overview of the mSPOCK workflow, including sparse-input simulation, conditional segmentation, and geometric, dosimetric, and time-based evaluation.
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Tab 1. Time and dose-discrepancy summary for clinically relevant
OARs. *Other OARs: both kidneys, liver, spinal canal, and spleen.
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